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Figure S.1 : Hold out predictive densities of the different methods on the image dataset.
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Figure S.2 : Hold out errors of the different methods on the image dataset.
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Figure S.3 : Hold out predictive densities of the different methods on the banana dataset.
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Figure S.4 : Hold out predictive densities of the different methods on the banana dataset.
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Figure S.5 : Hold out errors of the different methods on the banana dataset.
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Figure S.6 : Hold out errors of the different methods on the banana dataset.
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